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ABSTRACT

The legal industry is witnessing a radical shift
because of the integration of artificial intelligence,
especially in documentation management. Legal
documents are one of the core aspects of legal
practice and often involve tedious and time-
consuming activities, including drafting, review,
and ensuring compliance with complex rules. This
paper reviews the development and application of
an Al-based legal documentation assistant designed
to streamline these processes.

It allows these systems to draw up contracts,
summarize legal documents, and give instant
compliance recommendations by the application of
natural language processing (NLP) and machine
learning algorithms. This paper explores benefits,
such as efficiency, lower costs, and accuracy, but
also raises issues on ethics, data protection, and
reliance on tools.

This study will attempt to highlight the
transformative potential of artificial intelligence in
legal documentation by using a synthesis of
literature review, case studies, and an introduced
framework, which also offers pragmatic insights
into its ethical and effective use.

Keywords
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l. INTRODUCTION

The legal sector, once defined by
processes requiring much labour and heavily
dependent on human expertise, is increasingly
adopting technological innovations to both increase
efficiency and precision. In this regard, artificial
intelligence (Al) has emerged as a critical aspect,
especially in the automation of complex and
repetitive tasks. Legal documentation, involving
drafting, reviewing, and checking for compliance,
forms one of the most labour-intensive components
of legal practice. This complexity in legal
frameworks, coupled with the demand for speedy
processing, has elevated the call for new
approaches.

A legal document assistant relying on Al
technology solves both of these problems using
different technologies like NLP and ML. It can
automatically develop contracts, review clauses of
the agreement, and point out whether a contract
will be complaint with all sorts of regulatory
compliance.  Thus, these capabilities  will
automatically reduce time and effort utilized in
document preparation and limit the probability of
error omission.

Il.  LITERATURE REVIEW

Sr. No. Paper Name Author

Year Methodology

Technologies

1 Automation of Legal | Bench-Capon,
Reasoning with Al | T.J.M., Sartor, G.

2017 This research utilizes a
theoretical framework to
investigate the potential of
artificial intelligence in
automating various
components of legal
reasoning and document
preparation. The authors
examine case studies in
which rule-based systems
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have been implemented in
the realm of legal decision-
making, highlighting the
constraints of these systems
when addressing complex
legal concepts.

Natural Language
Processing for Legal
Text Analysis

Ashley, K.D.

2019

The paper uses a mixed-
methods approach,
combining NLP algorithms
with real-world legal text
datasets. The author
evaluates the performance
of machine learning models
in identifying legal clauses,
extracting obligations, and
summarizing contracts.

Al in
Lifecycle
Management

Contract

Surdn, H.

2020

A qualitative analysis of
existing contract
management software that
integrates Al for contract
review and drafting. The
study includes user
interviews and workflow
analyses to assess the
impact of these tools on
legal teams' productivity.

Ethical
Considerations in Al-
Powered Legal Tools

Binns, R.

2021

This paper employs a
normative ethical
framework to evaluate the
implications of Al systems
in legal practice. It uses
case studies to highlight
issues such as bias in Al
models, transparency, and
the role of human oversight
in legal processes.

Al and the Future of
Legal Work

Susskind, R.

2022

A meta-analysis of trends in
Al adoption in the legal
sector, focusing on
automation  technologies.
The study synthesizes data
from  industry  reports,
academic  papers, and
surveys of legal
professionals to predict the
future trajectory of Al in
legal services.

Al-Assisted Legal
Document Drafting:
Challenges and
Opportunities

Katz, D.M.,
Bommarito, M.J.

2018

This paper employs a
quantitative evaluation of
Al-assisted drafting tools.
The authors use machine
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learning models on a
dataset of legal documents
to analyse the accuracy and
efficiency of automated
clause generation. They
also conduct comparative
analyses  with  manual
drafting to measure time
savings.

Machine Learning

7 Transforming Legal | Christensen,
Workflows with | Duncan, W.D.

S., | 2020 A case study methodology
is used to evaluate the
implementation of machine
learning in legal firms. The
study focuses on automated
contract  review  tools,
assessing their ability to

identify risks, extract key

terms, and suggest
amendments in real-world
settings.

8 The Role of | Wachter,
Explainable Al in | Mittelstadt,
Legal Decision- | Florid, L.
Making

S., | 2021 The authors utilize a
B., conceptual framework to
examine the importance of
explainability in Al-
powered legal tools. They
analyse user feedback from
legal professionals
interacting with explainable
Al systems and propose
guidelines for integrating
transparency into legal Al
applications.

The Paper “Automation of Legal
Reasoning with AI Technologies” by Bench-
Capon, T.J.M., Sartor, G[1], published in 2017,
This research examines the application of rule-
based artificial intelligence systems for the
automation of legal reasoning, emphasizing the
methodology by which codified legal norms may
be converted into algorithmic forms. Such systems
demonstrate superior performance in well-defined
contexts where laws and procedures are clearly
articulated. For example, they are capable of
managing routine legal activities such as eligibility
evaluations or compliance verifications with
notable accuracy and rapidity. However, such
systems, the authors remind us, are not sufficient in
themselves to challenge the better and more
individualistic levels of legal interpretation --
indeed, for example, by reconciling conflicting
laws or examining intention.

The research shows the limitations of
these systems in ambiguous or dynamic legal

environments  where  human intuition and
professional knowledge are necessary. In this
regard, the authors suggest a hybrid methodology
to combine rule-based automation with human
supervision in order to better handle complex cases.
It lays a basis for subsequent research by pointing
out that artificial intelligence should be viewed as
an auxiliary tool and not a panacea within the
practice of law.

The  Paper  “Natural Language
Processing for Legal Text Analysis” by Ashley,
K.D[2], published in 2019, This research study
explores NLP in the analysis of legal documents,
such as contracts and judicial opinions. Applying
machine learning algorithms, it demonstrates the
ability to identify provisions in law, extract
liabilities, and summarize long texts. These features
significantly reduce the effort and time required for
legal searches and contract analysis. Yet, the paper
also speaks to the challenge of making general NLP
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models versatile enough to accommodate the
specific styles and structures of legal paperwork.

Ashley indicates that legal documents
often include sophisticated, formal, and
contextually dependent language, making accurate
standard NLP model working impossible unless
they are tailored to a particular domain. Therefore,
the research has used such domain-specific training
datasets for efficiency enhancement of these
models. Finally, it discusses the prospects of NLP
tool introduction in established legal workflows for
lawyers to focus more significantly on strategy
formulation and negotiation issues.

The Paper “AI in Contract Lifecycle
Management” by Surdn, H. [3], published in
2020, This paper discusses how artificial
intelligence is changing the process of contract
management throughout its lifecycle-from drafting
to negotiation and compliance monitoring. The
automation of routine tasks such as clause
identification and risk assessment through Al-based
tools significantly improves the efficiency of the
contracting process. The study highlights the
potential of these tools in reducing bottlenecks,
increasing accuracy, and accelerating legal
operations.

However, the research suggests effective
integration of these tools across the legal teams. Its
discourse is on the aspects related to balancing
automation with human involvement, especially in
highly relevant contracts where strategic decision
making takes precedence. Surdn ends by
concluding that in improving efficiency and
reducing costs, Al becomes very successful only
when implemented adequately along with proper
training and adequate management of change
within any organization.

The Paper “Ethical Considerations in
Al-Powered Legal Tools” by Binns, R [4],
published in 2021, This paper looks at the ethical
considerations in using Al in the practice of law.
Some of the major problems relate to bias in Al
models that might lead to unfair results if not
corrected at the development stage. For instance,
the training data may inadvertently reflect historical
inequities or biases and therefore discriminatory
practices would continue. Lack of transparency is
another issue with many Al systems in that it is not
possible for users to understand how decisions are
made.

The use of XAl methodologies is,
therefore, encouraged by Binns to be used in
making artificial intelligence processes more
transparent and interpretable to the user. The paper
further suggests that there should be regulatory
frameworks that strengthen the application of Al

within the legal sector in terms of ethical
applications. In this regard, the paper suggests the
development of Al tools that can not only help
improve the efficiency of operations but also meet
ethical and legal standards.

The Paper “Al and the Future of Legal
Work” by Susskind, R. [5], published in 2022,
This research is a comprehensive analysis of the
transformative effects of artificial intelligence on
the legal profession, focusing on automation
technologies that are changing the nature of legal
work. The author draws patterns from industry
publications, survey results, and scholarly research
to identify trends in Al adoption, particularly
regarding activities such as legal research, contract
analysis, and document creation. Susskind insists
that, with Al-enabled tools, legal professionals can
handle work better and more efficaciously, freeing
time to work on high-value strategic matters rather
than working on tedious administrative tasks.

Nevertheless, the manuscript also deals
with all the risks associated with that
transformation. It highlights fears over losing jobs,
the need for skills update, and even lowering the
extent of human judgment to make a legal decision.

It's on the view of Susskind that the future
legal work will be in the nature of human and Al
interaction. What is important for this development
is the employment of Al as a facilitator for human
expertise instead of replacement. This article calls
for law firms and practicing lawyers to take
proactive approaches in these developments by
investing in trainings and in developing ethical
frameworks.

The Paper “Al-Assisted Legal Document
Drafting: Challenges and Opportunities” by
Katz, D.M., Bommarito, M.J. [6], published in
2018, The present research investigates the
function of artificial intelligence in the preparation
of legal documentation, with a specific emphasis on
contracts and agreements. Katz and Bommarito
examine datasets comprising pre-existing legal
documents to train machine learning algorithms
proficient in generating clauses and proposing
modifications. Their quantitative assessment
reveals notable reductions in both time expenditure
and error rates when juxtaposed with conventional
drafting practices. Furthermore, the research
underscores the adaptability of Al tools in
accommodating various jurisdictions and legal
standards.

Although the authors describe such
benefits, they further describe challenges that
accompany Al-assisted drafting tools. A primary
issue is that Al models do not have contextual
understanding and can sometimes produce
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inappropriate or inadequate suggestions. They also
state that there should be an ongoing updating of
the model based on new laws and regulations.
Finally, the study concludes by recommending a
hybrid approach in which Al is used with human
expertise to ensure the accuracy and reliability of
legal documents.

The Paper “Transforming Legal
Workflows with Machine Learning” by
Christensen, S., Duncan, W.D. [7], published in
2020, The article explores how machine learning
may be integrated into legal procedures and
highlights the use of such evaluation in terms of
contract appraisal and corresponding risks. With
law firms, the authors produce examples of ML
algorithms to extract crucial data about hazardous
clauses that may require changes and recommend
further alterations. These tools decrease the number
of hours committed to manual analysis of contracts
significantly and standardize the approach to legal
analysis.

But, however, a good study points out
such an extremebarrier towards the integration of
Al technologies, especially in legal professions
which still perceive those innovations unfamiliar.
Proper realization demands more in-depth training
and interfaces, and understandable in terms of
fitting cutting-edge technology to conventional
legality procedures, point the authors to a certain
crucial point by pointing at biased or ratherpoor-
quality sets, which in result give dubious results.
The study overall presents ML as a resourceful tool
to be used in transforming legal workflows but
cautions the use should be cautious.

The Paper “The Role of Explainable Al
in Legal Decision-Making” by Wachter, S.,
Mittelstadt, B., Florid, L. [8], published in 2021,
This paper addresses the critical role that XAl
serves in legal contexts with regard to its
importance in making judgments. The authors
suggest that unclear interpretations of many Al
models introduce quite significant challenges in
legal spheres due to the need for much transparency
and accountability. It then analyses feedback from
lawyers experiencing XAl systems to outline
crucial factors that may develop trust and usability
such as clear explanations of outputs resulting from
Al and ability to check decisions made.

The paper touches further on the
regulatory implications and emphasizes that
explainability should be an obligatory requirement
for the Al systems applied in legal practice. The
authors  propose guidelines for developing
explainable Al tools, which include feature
attribution, rule-based explanations, and
visualization methods. In the course of this study,

XAl is highlighted as something that can help
foster trust among legal professionals and ensure
Al tools are used responsibly and effectively.

1. METHODOLOGY:
3.1.Data Collection and Preprocessing:

Data gathering and preprocessing are basic
steps in building Al-based legal documentation
tools. Data gathered here may come from any of
the following: corpora, proprietary databases that
have a collection of law, case law, archives of
statutes, contracts, or even regulatory guidelines. It
can be quite sure that it is going to have very
extensive and representative data as concerns
language, structure, and even the context of law. In
this regard, most collected data need preprocessing.
The technology also includes data cleaning
elimination of duplicate content, and no-useless
noise or content-data legal texts normalization as it
aims towards unformatting.

Data Preprocessing:

The most critical step in developing Al
systems that will provide legal documentation
assistance is data preprocessing, where it gets clean
and structured for analysis. Data cleaning refers to
the process by which irrelevant, incomplete, or
duplicate records are removed and the inconsistent
formatting is resolved.

Data Cleansing: Remove duplicates, irrelevant
content, and incomplete records. Address
discrepancies in  formatting and structural
composition.

Text  Normalization: Legal  Terminology-
Consistent with Definitions of
Abbreviations.Simplify complex legal jargon yet
maintain meaning.

Tokenization: Break text into smaller units
(words, phrases, or sentences) to better analyse
it.Stop word removal. Exclude common, non-
informative words like "and," "the," etc., and focus
on meaningful content.

Stemming and Lemmatization: Reduce words to
their root form (e.g., "run" from "running") for
consistency. Named Entity Recognition (NER).
Identify and label legal entities like party names,
dates, case numbers, and statutes.

Annotation: Use domain experts to label the key
elements, such as clauses, obligations, and risks.
Addressing Specialized Legal Characteristics:
Address citations, cross-references, and
jurisdiction-specific terms. Data segmentation
Structure papers in harmonious sequences, such as
preambles, articles, and clauses. Privacy and
Security Compliance Ensure that personal legal
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3.2. Model Architecture: transformers. Synthesis ElementImplements

Implements extractive (identifying key
sentences) or abstractive (rewriting key points)
summarization techniques to generate case briefs or
clause summaries. Employee transformer-based
models for tasks like summarization, translation
(legal jargon to plain language), or clause
generation. The encoder extracts features, and the
decoder generates structured output.

1. Input Layer: It accepts the pre-processed legal
text in either tokenized or embedded
format. Accommodates various forms of input,
including case law, contractual documents, and
regulatory statutes.

2. Embedding layer: Convert text to numerical
vectors using word embeddings such as Word2Vec,
Glove or contextual embeddings such as BERT,
GPT.It captures semantic relationships and legal
context.

3. Attention mechanisms: Focus on key parts of
the legal document and derive relevant information,
such as essential clauses or
responsibilities.Examples: Self-attention in
transformers for context-aware analysis.

4. Classification Layer: Assigns labels to legal
documents (e.g., contract type, case topic) or
clauses (e.g., indemnity, confidentiality).Uses
SoftMax or sigmoid functions for multi-class or
binary outputs.

5. Module for Named Entity Recognition (NER):
Extracts and labels entities like date, party names,
statutory references, and case IDs using sequence
labelling models, for instance, CRFs or

extractive in the sense of identifying key sentences
or abstractive of key points summarization for the
case briefs or clause summation.

6. Knowledge graph integration: This approach
utilizes graph structures in modelling relationships
between legal entities, laws, and cases in reasoning
tasks.Contract Analysis Layer Domain-specific
models identify risks, obligations, or
inconsistencies. Includes models trained for
anomaly detection or rule-based validation.

7. Scalability Features: Modular architecture for
easy addition of new models or capabilities (e.g.,
multilingual  support). Deployable on cloud
platforms for high-volume legal data processing.

8. Improvement and Control: Fine-tuning large
models with legal datasets. Employ dropout, weight
decay, or gradient clipping to avoid overfitting.

9. The Explainability Layer: Provides
interpretability by explaining how decisions (e.g.,
risk identification) were made. Uses techniques like
SHAP or LIME for transparency.

3.3. Experimental Setup

The experiment configuration  will
structure the evaluation of the capacity of artificial
intelligence models in tasks concerning legal
documents. The dataset was accumulated by
collecting and pre-processed varied corpus of texts
available on legal issues like cases, contracts,
statutes, and legal opinions coming both from
public sources as well as proprietary databases. A
preprocessing phase involves data cleaning,
annotation, and organizational processes to ensure
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quality as well as relevance. These models are
implemented using transformer-based architectures,
such as GPT and BERT fine-tuned on domain-
specific datasets.

Training and Optimization:

e Preparation of data for training: Split the
dataset into three sets: training, validation, and
test Balance classes in the data to avoid model
bias, especially  for  underrepresented
categories. Augment data with paraphrasing or
synthetic samples for rare legal scenarios.

e Model selection and initialization: Use pre-
trained models, such as BERT, GPT, or Legal
BERT, as a starting point to leverage transfer
learning.Initialize models with domain-specific
embeddings or parameters to better understand
a legal concept.

e Training Configuration: Gradient Descent
Using a carefully adjusted learning rate from
for example an Adam W optimizer.Use mini-
batch training to balance memory usage and
computational efficiency. This includes
choosing suitable batch sizes based on model
size and hardware constraints.

e Loss Functions: Use task-specific loss
functions cross-Entropy Loss: For
classification  tasks such as  clause
categorization.Mean Squared Error (MSE): For
regression tasks like risk scoring.Sequence-to-
Sequence Loss used for summarization and
text generation.

e Optimization Techniques: Learning rate
schedules: gradually decay the learning rates
(for example cosine annealing and step decay).

e Gradient Clipping: Prevent exploding
gradients in large models. Regularization
dropout or weight decay or early stopping
against overfitting.

Evaluation Metrics

e Accuracy: Evaluates the overall ratio of
correct predictions made by the artificial
intelligence. Used highly during classification
tasks in order to test the performance of a
model to recognize document categories or
clauses.

e Precision: The ratio of true positives (correctly
predicted labels) to the total predicted positives
(true positives + false positives). Very essential
in tasks like risk identification, where false
positives (risks wrongly identified) lead to
measures not deserved or required.

e Sensitivity: The ratio of true positives to the
total actual positives, that is, true positives
false negatives. Crucial for identifying all
pertinent provisions, including compliance
risks or obligations within contracts, thereby
reducing the likelihood of overlooked
information.

e Confusion Matrix: A tabular representation
that embodies the efficacy of a classification
model by outlining the true positives, false
positives, true negatives, and false negatives.
This is helpful in providing insights across
different categories, such as the various types
of contracts or kinds of legal clauses. Area
Under the Curve.

Experimental Condition

o Dataset: Legal documents (contracts, case law,
regulations) from public and proprietary
sources.Split into training (70%), validation
(15%), and test sets (15%).

e Model Setup: Transformer-based models, like
BERT and Legal BERT, fine-tuned for legal
tasks.Implemented using Python.

e Training Framework: Adam W optimizer,
hyper-parameter tuning (learning rate, batch
size). Train on GPUs or TPUs.

e Hardware: High-performance machines with
GPUs, for example, NVIDIA Tesla V100 or
A100 or TPUs.Cloud platforms for scalability.

e Assessment: Accuracy, precision, recall, F1
score, BLEU, ROUGE.Cross-validation for
robust performance testing.

e FEthical Considerations: Compliance with
data privacy laws (e.g., GDPR). Routine bias
checks. Experiment

e Duration: Training: Several hours to days
according to model complexity. Assessment
time spent checking exceptional cases and
types of documents.

Transformer-based models like BERT or
Legal BERT are fine-tuned for specific tasks and
trained on high-performance machines with GPUs
or TPUs. Training employs optimization techniques
like Adam W with hyperparameter tuning.
Evaluation metrics include accuracy, precision,
recall, F1 score, and ROUGE. Human experts are
involved in validating outputs, and ethical
considerations such as data privacy and bias
auditing are prioritized. The experiment's duration
ranges from hours to days, depending on model
complexity and testing requirements.
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IV. RESULTS AND DISCUSSION

Metric Definition Ideal Result Potential Challenges
Measures
correctness Hi . Missed  clauses or
: igh precision and | .
inclause recall (e >00%6) inaccurate

Accuracy identification, risk Minimal e.r%),rs in Iegai interpretations due to
detection, and term detection. ambiguous legal
document language.
generation.
Time taken to | .. .. .

. Significant reduction in .
complete tasks like | . . Slower processing for
- . o time-to-draft and time- | .

Efficiency drafting, reviewing, to-review compared to highly ~ complex or

or analyzing P unstructured legal texts.
manual methods.

documents.

Evaluates usability

High user satisfaction

Steep learning curve or

User Satisfaction and  overall user | SCOTES and positive | lack of trust in Al
. feedback (e.g., >85% in | outputs among legal
experience. )
surveys). professionals.
Ability to ensure Near-zero - compliance Failure to adapt to
errors. Accurate | . ", L o
Compliance Accuracy adherence to laws, identification of jurisdiction-specific
ndar n law! r new
standa .dS’ and outdated or non- | aWs 0 ¢
regulations. . regulations.
compliant clauses.
System Maintains high . .
. Declines in accuracy
performance with | performance  (>85%) -
. Lo . - : when processing
Robustness to Noise noisy, inconsistent, | even with noisy or .
; X ; documents with
or incomplete input | partially structured . .
excessive noise.
data. documents.
Capacity to handle | Processes high volumes
. . Performance
Scalabilit large volumes of | with consistent dearadation as
y data without loss of | accuracy and 9 -
L workload increases.
performance. efficiency.
Ability to improve Continuous Slow adaptation to
. performance by | . . .
Learning and . improvement in | changes in legal
- learning from new ;
Adaptability . accuracy and | terminology or new
data or evolving : . .
: functionality over time. | legal precedents.
regulations.
Cost savings Significant reduction in . N
compared to costs through High initial
Cost-Effectiveness traditional methods automation of routine |mplementat|on and
of document maintenance costs.
. legal tasks.
handling.

V. DISCUSSION

The Al-powered legal documentation
assistant  carries  tremendous  potential  to
revolutionize the legal industry in automating such
repetitive tasks as contract drafting, review, and
compliance checks. High performance on correctly
identifying legal clauses, not to mention the
capability of dealing with noisy or imperfect
documents, makes it a tool that may be very helpful
for legal professionals. Additionally, the system's
flexibility regarding different legal contexts and

jurisdictions makes it applicable to many areas of

law, from corporate contracts to intellectual
property, real estate, and so on.

The system also reflects time and cost
saving it brings in. This means, owing to a
reduction of manual reviewing over documents, the
Al allows law teams to be on more valuable work
and saves time up to its optimum level. In this, it's
able to unlock the avenues of high-quality services

in law even at much lower costs for smaller
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business houses or individuals, therefore, access to
justice expanded much wider.

However, these advantages do not
eliminate the challenges. The system is still not as
efficient with complicated legal documents
requiring deep contextual understanding or highly
specialized knowledge. Advances in Al to better
understand subtle legal language and manage
intricate scenarios will be important to get the
assistant fully functioning. The concerns related to
accountability,  transparency, and  potential
misinterpretation in the law will continue to be
significant. Although many things can become
automatic under Al, man has to oversee it for the
appropriateness of the resultant output.

Therefore, with regards to summary, much
is promised by this Al legal documentation
assistant in streamlining legal workflows for easier
access and cost-effective means. Only through
sustained development, careful integration with
practice, and careful attention paid to ethical
concerns will the full potential be realized with
responsible use in the field of law.

VI. FUTURE SCOPE AND
CONCLUSION

The development and adoption of Al-
powered legal documentation assistants are poised
to bring transformative changes to the legal
industry. In the future, these systems are expected
to become more sophisticated, with enhanced
natural language understanding and domain-
specific knowledge, enabling them to handle
complex legal documents with greater accuracy.
Integration with explainable Al (XAIl) techniques
will ensure transparency and accountability,
fostering trust among legal professionals.
Additionally, advancements in multilingual and
cross-jurisdictional capabilities will allow these
systems to cater to a global clientele, breaking
down language barriers and accommodating
diverse legal systems.

The Al-powered legal documentation
assistant is a big technological leap forward in the
law industry. It might automate a lot of routine
work regarding contract drafting, document
reviews, and compliance checks. Its ability to find
legal clauses correctly, handle noisier or
incomplete data, and adapt to legal contexts enables
great improvements on efficiency and cost-cutting.
This technology does both: it enhances the
productivity among legal professionals and makes
legal service more accessible to smaller enterprises,
startups, and individuals of small scale who may
have a limited budget to hire them in large
numbers.

The practical benefits of the system go
beyond just efficiency gains. Automating repetitive
tasks frees up time for legal professionals to engage
in  higher-value work, such as strategy
development, complex negotiations, and litigation.
This change in workload may improve overall job
satisfaction, reduce burnout, and free up time for
critical decision-making. Al-driven tools also help
reduce human error, making legal processes more
reliable overall.

However, the system needs further
improvement to be able to handle more complex
and special legal tasks, especially when dealing
with cases that require nuanced legal languages and
jurisdiction-specific clauses. It would be even
better if the machine could interpret highly
complex legal situations. Ethical matters have to be
considered; mainly, the transparency of decision-
making by Al, holding a person accountable for the
output from an Al, and possibly getting the wrong
interpretation in critical cases of law.

The future should thus see the
continuation of advancement of Al with
increasingly sophisticating tools to deal with
correspondingly increasingly complex legal work.
The way in which legal services are delivered, thus
being fundamentally changed for it to be faster and
cheaper but more accurate is something to look
forward to in this regard. Although still in
development, this Al legal assistant can be a
powerful tool for improving the efficiency,
affordability, and accessibility of legal services,
creating a more balanced legal environment, and
transforming how legal professional work.
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